
Optimal Data Analysis     Copyright 2018 by Optimal Data Analysis, LLC 

Vol. 7 (March 2, 2018), 14-15  2155-0182/10/$3.00 

 

 

 

14 
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This note suggests tips on learning about ODA, from a cursory 

understanding through paradigm mastery. 

 

Optimal discriminant (or data) analysis (ODA) is a 

machine-learning algorithm introduced more than 

a quarter-century ago.
1
 

Gist 

Here is link to a free, brief article with the fastest, 

broadest description of the ODA paradigm.
2
 

Gestalt 

Two books and a handful of articles cover the 

ontogenesis of the paradigm through its current 

metamorphosis as the conceptual equivalent of 

quantum mechanics for classical data. 

The 2005 book, written when ODA was in 

its infancy, efficiently provides one with sufficient 

information to rapidly understand, conduct, and 

interpret ODA analysis results, for data reflecting 

many widely-used experimental designs.
3
 

The 2016 book—written after novometric 

(Latin: new measure) theory was completed—

summarizes everything known about the ODA 

paradigm at the time of its publication.
4
 

Finally, a suite of the most recent articles 

discuss using ODA in causal inference research.
5-15

  

Mastery 

Sequentially working each chapter of both of the 

books—and reading articles on ODA cited within 

them, and experimenting with software settings 

(the 2005 book includes the UniODA
TM

 software 

system), is highly recommended. Run various 

command configurations (e.g., vary the use of 

prior odds weighting, directional hypotheses, 

number of class categories, etcetera) for every 

example problem, to become familiar with the 

effect of parameter settings on analysis results.  

It is a capital idea to attempt to replicate 

the analysis illustrated in each example problem 

using other data sets, and publish the results. And, 

it is an excellent idea to experiment using data with 

which one is personally familiar, including prior 

studies for which data are available. Familiarity 

with the data will simplify conducting ODA and 

interpreting resulting models, and thereby provide 

an excellent basis for objective comparison of 

legacy versus optimal statistical methods.  

In general, when learning or introducing 

a new statistical paradigm it is a good idea to 

begin with a simple design and subsequently 

add complexity. 
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