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Novometric analysis is used to discriminate perceived peer-group stand-

ards for girls seeing boys smoke, vs. for boys seeing girls smoke (class 

variable), of 3,220 Anglo-American, 936 Mexican-American, and 723 

Indian-American (multicategorical attribute) high-school students.
1
 

Subjects rated their opinion about boys seeing girls smoke, and about 

girls seeing boys smoke, using a three-point categorical ordinal scale 

(ordered attribute): approve, do not care, disapprove (coded using 3-1, 

respectively). Additional categorical attributes were nominal measures 

of gender and whether or not the subject smoked. The globally optimal 

model in this application selected only approval rating as an attribute 

(relatively weak ESS=21.4; D=7.3; p<0.001): 76.3% of ratings of girl 

smokers indicated disapproval, compared with 54.9% of boy smokers.

 
 

 

Data
1
 were originally analyzed using disinte-

grated chi-square analysis
2
 (legacy analyses 

recommended for this design are the log-linear 

model
3-10

 or logistic regression analysis
3,4,9-17

), 

and findings were reported using undocumented 

chi-square analysis.
1,18

 

It was concluded that: “For the Anglo-

American group, differences between males and 

females responding “do not care” were… statis-

tically significant. …Data for Mexican-Ameri-

can smokers parallel those for the Anglo-Ameri-

cans; however a significantly lower proportion 

of the non-smokers (of both sexes) believe that 

girls disapprove of boys smoking. …Among 

Indian smokers, these differences between 

males and females are not significant” (p. 167) 

Table 1 summarizes the descendant 

family of optimal models that was obtained for 
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this application: model three has the lowest D 

statistic and thus is the globally-optimal (GO) 

model in this application.
10

 

Table 1: Descendant Family of Optimal Models 

Predicting Perceived Peer-Group Standards 

for Boy vs. Girl High-School Smokers 

 

Step 

 

ESS 

 

Strata 

 

Efficiency 

 

D 

Minimum 

Endpoint N 

1 23.73 6   4.0 19.3      43 

2 23.62 3   7.9   9.7    721 

3 21.42 2 10.7   7.3 3,347 

Effects identified were relatively weak 

and highly uninspiring. The large D statistic for 

the GO model indicates the solution obtained is 

substantially distant from representing either a 

theoretically cohesive synthesis or pragmatically 

useful model of phenomena as they are pres-

ently conceptualized and measured.
9,10
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